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Abstract: Multi-object tracking technology is widely used in fields such as intelligent video surveillance
and autonomous driving, among which pedestrian multi-target tracking is an important research direction.
However, in real-world complex scenes, challenges still remain, including insufficient mining of
detection box information, multi-task feature competition, and tracking interruptions caused by long-
term occlusion of targets. Therefore, this paper proposes a multi-target tracking method that combines
detection and feature embedding. First, we design a secondary association mechanism that processes

high and low confidence detection boxes in stages to improve the utilization of detection information and
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the accuracy of data association . Second, we introduce a mutual attention intention network to enhance

the feature expression ability between detection tasks and re-identification tasks, achieving independent

optimization of multi-task features and alleviating multi-task competition. Finally, a virtual trajectory

module is proposed to correct the Kalman filter parameters based on the observation information before

and after occlusion, effectively reducing trajectory interruption and identity switching caused by

occlusion. Experimental results show that the proposed method achieves 80.8%/80.3% IDF1 and 78.7%/
77.3% MOTA on the public datasets MOT17 and MOT20, respectively. The overall performance is

superior to multiple advanced methods, verifying the effectiveness and practicality of the proposed

method in complex scenarios.
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