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Collaborative filtering algorithm based on user similarity and
rating information

QIAO Yu, LI Lingjuan

('School of Computer Science, Nanjing University of Posts and Telecommunications, Nanjing 210023, China)

Abstract : Recommendation systems by using machine learning techniques to filter information can accu-
rately locate user information,and predict whether a user would like a given resource. As traditional col-
laborative filtering systems have to deal with the cold-start problems caused by new users and items, a col-
laborative filtering algorithm based on user similarity and rating information( SR-CF ) is designed to solve
the new-user cold-start problem. The algorithm can calculate similarities between users’ basic information
by the recommendation algorithm based on demography,and then update the matrix of ratings information
with the steepest descent method to generate recommendations for users. The experimental results on
MoiveLens dataset demonstrate that SR-CF can improve the accuracy of the recommendations and has
higher coverage. Thus it can effectively deal with the cold-start problems caused by new-users.
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