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Abstract: The traditional still image compression standard JPEG and JPEG2000 are not appropriate for a
camera sensor in the wireless sensor network since it is limited by the power consumption, costs and wire-
less transmission environment. In order to meet the “light encoding and heavy decoding” characteristic of
the wireless sensor network, this paper proposes a novel still image compression scheme based on the
compressive sensing ( CS ) . The scheme measures each image block at the encoder and adaptively assign
the number of measurement for each block in terms of their edge information. At the decoder, the scheme
uses the measurements of each block to reconstruct the whole image. Simulation results show that the pro-
posed scheme can effectively reduce the cost of CS measuring in comparison with the existing CS based
image compression schemes, and it can also remove edge blurs and blocking artifacts in the reconstructed
image.
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